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Summary

D-ordering Proposed Algorithm 2: DenseAlert

* @Goal: to detect and update dense subtensors in a dynamic tensor * Greedy Shaving: repeatedly removing a slice with the minimum mass in the * @Goal: to detect suddenly appearing dense subtensors by maintaining a dense
* Previous Work: remaining tensor subtensor created within the latest AT time units in a timed tensor

- showed that dense subtensors in real-world tensors signal anomalies or fraud 7 ,
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- Provably Accurate: our algorithms provide theoretical accuracy guarantees - 6 (Present)

- Effective: our algorithms successfully detect anomalies in real-world tensors, = Delete Suddenly Emerging
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Proposed Algorithm 1: DenseStream

* @Goal: to maintain a dense subtensor (by maintaining a D-ordering) while the
input tensor changes
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* TCP Dumps: Network attacks result in dense subtensors e Procedure of DenseStream:

Given a change (increment or decrement) in the input dynamic tensor,
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