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TEAM 3

Objective #2

● Blah
● Blah
● blah

Introduction

KAZI JAWAD
-

THIRD YEAR STAT/ML
UX Engineer

Knowledgeable about ML

RICHARD ZHOU
-

THIRD YEAR DESIGN
Designer + creative developer

Some ML knowledge

MICHAEL KIM
-

THIRD YEAR DESIGN
3D artist

I’m beginning to learn ML
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TEAM 3

KANYE-GEN
WHAT IS THIS?
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TEAM 3INTRODUCTION

A KANYE RAP GENERATOR

KANYE-GEN is an exploration of a machine learning system that is 
trained to create new Kanye rap verses based on his existing 
catalog of lyrics and songs.

The ML system is composed of a lyric generation model that pipes 
into a voice generation model.
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TEAM 3

CONCLUSION

- Machine learning for audio can be as or even more unpredictable than 
working with images

-

FINAL RESULTS

PROCESS
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TEAM 3PROCESS

ML KANYE MUSIC

SYNTHESIZED VOICE

TACOTRON

GENERATED KANYE VERSES

UBERDUCK

CHARACTER-BASED RNN
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TEAM 3PROCESS - CHARACTER BASED RNN 

KANYE WEST RAP VERSES DATASET

A Kaggle dataset with 364 verses compiled from 243 Kanye West 
songs. The dataset was sourced from Rap Genius.
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TEAM 3

Input: Character-Level Tokenized Lyrics
Output: Character Sequences

The final lyric generation looped through the prediction of 
characters to generate a complete set of lyrics.

PROCESS

CHARACTER-BASED RNN

Reference: Text generation with an RNN
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TEAM 3PROCESS - CHARACTER BASED RNN 
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TEAM 3PROCESS - CHARACTER BASED RNN 

SAMPLE VERSE #1
20 EPOCHS (LOSS 0.1128)

We’ll just all of that
Syan you don't pay me, I wish I impoge too

Just kied on everything, Justally deel with his 
extre fores
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TEAM 3PROCESS - CHARACTER BASED RNN 

SAMPLE VERSE #2
20 EPOCHS (LOSS 0.1128)

I'm just take it up with Shrowes
She sould with me hadds hoppid, Buhz!

Ri--rades, we riciod it
I don't night rull right nox
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TEAM 3PROCESS - CHARACTER BASED RNN 

SAMPLE VERSE #3
60 EPOCHS (LOSS 0.0610)

Never had money so I can save face
And have a reason to cover my face

I even made you a plate, soul food, know I scould than you got time
To spend with 'em
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TEAM 3PROCESS - CHARACTER BASED RNN 

SAMPLE VERSE #4
60 EPOCHS (LOSS 0.0610)

Look, God, it's the same money in the bank
And she be standin' there like you famous

And you gon' call out all these girls just testing me
Uh an mouth up what helped me write



14

TEAM 3

Tacotron generates spectrograms from labeled and transcribed 
voice samples that is used with a WaveNet model as a vocoder to 
create speech from arbitrary text.

We trained our model on Kanye’s rapping voice from two songs 
with isolated vocals.

PROCESS

TACOTRON
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TEAM 3PROCESS - TACOTRON

16 SAMPLES TAKEN FROM “I LOVE KANYE” AND “OTIS”
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TEAM 3PROCESS - TACOTRON
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TEAM 3

Uberduck hosts many pre-trained text-to-speech models. We 
used a FastPitch model of Kanye West’s rapping voice. 

FastPitch is a text-to-speech model based on FastSpeech that 
allows finer control over pace, pitch, and inflection.

PROCESS

UBERDUCK VOICE GENERATION
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TEAM 3PROCESS - UBERDUCK
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TEAM 3

CONCLUSION

- Machine learning for audio can be as or even more unpredictable than 
working with images

-

FINAL RESULTS

RESULTS
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TEAM 3

FINAL OUTPUTS

● Curated 10 pages of notebook outputs down to 7 sample “verses”
● 7 sample verses synthesised into speech
● Samples of verses with melodies

FINAL RESULTS
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TEAM 3

When I get my Bentley, they gon' call out all these
Bitches knowin' damn well they gon' call my space and

Then I got my deal I was back in the ring
I know I got it, I don't know what she got the spit if I ain't say nothin'

Imagine if I didn’t have the ends
Cop a prada spot, right?

And keep your face to the risin' sun
But I need that, in the sauna

In the bathroom, at your mama's

FINAL RESULTS

SAMPLE VERSE #1
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TEAM 3

CONCLUSION

- Machine learning for audio can be as or even more unpredictable than 
working with images

-

FINAL RESULTS

https://docs.google.com/file/d/1HYqADrnH6MYJRnDX4wVHUXl7zT9iD7vw/preview
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TEAM 3

CONCLUSION

- Machine learning for audio can be as or even more unpredictable than 
working with images

-

FINAL RESULTS

https://docs.google.com/file/d/1a0zJx8MsKhAZezZz9lOyXN12G5r7kLS9/preview
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TEAM 3

CONCLUSION

- Machine learning for audio can be as or even more unpredictable than 
working with images

-

FINAL RESULTS

CONCLUSION
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TEAM 3

CONCLUSION

● Machine learning for audio can be as or even more unpredictable than 
working with images

● Difficult to make audio that actually sound appealing to listen to vs. sounds 
that are just “generated”.

● Linguistics is another entire study that would have been nice to explore with 
more time.
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