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• Performance of  is related to properties of 
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• Allows us to obtain lower bound on 
E[# active servers]
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Main Results: 
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i
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When the # tokens of a type , remove the 
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Recall that we aim to show

 E [# active servers] ≤ (1 + O (r−0.5)) ⋅ N

We can prove that E [# virtual jobs]  = O (r0.5)
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⇒ Using Stein’s method, dW ( K̃ 1:N, K1:N) = O (r0.5)K̃ 1:N
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