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Translation studies tell us...

Translated texts # original texts
- interference
- standardization

Translations share universals (translationalese)
- simplification
- explicitation



Test data BLEU

More data = better data?
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Hypotheses

1. S T#0

2. S 11
ST, (T1~T2) =0

3. T>0 for S—T



Corpora
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1. Perplexity experiments
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2. Machine Translation

. MX [ O-EN

+1.0/

DE — EN

DE B TR T HT B TN

+1.06

+1.59




36

33

34

33

32

3.LMSize / BLEU

= T-FR

M 5M 10M 25M 50M 100M

25
24
23
22

FR — EN

<= 0-EN

M 5M 10M 25M 50M 100M



Discussion

|s the number of tokens the appropriate unit?

Do these claims hold:
- as more data is available?
- for other domains?

What to do when both original & translated available?
- combine
- discard original



Some additional experiments...
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Conclusion

Not all texts were created equal!

This is often ignored in MT...



