Playing Large Games using Simple Strategies

Richard J. Lipton^∗ rjl@cc.gatech.edu

Georgia Tech College of Computing Atlanta, GA 30332 and Telcordia Research Morristown, NJ 07960

Evangelos Markakis vangelis@cc.gatech.edu

Georgia Tech College of Computing Atlanta, GA 30332

Aranyak Mehta aranyak@cc.gatech.edu

Georgia Tech College of Computing Atlanta, GA 30332

ABSTRACT

We prove the existence of ϵ-Nash equilibrium strategies with support logarithmic in the number of pure strategies. We also show that the payoffs to all players in any (exact) Nash equilibrium can be ϵ-approximated by the payoffs to the players in some such logarithmic support ϵ-Nash equilibrium. These strategies are also uniform on a multiset of logarithmic size and therefore this leads to a quasi-polynomial algorithm for computing an ϵ-Nash equilibrium. To our knowledge this is the first subexponential algorithm for finding an ϵ-Nash equilibrium. Our results hold for any multiple-player game as long as the number of players is a constant (i.e., it is independent of the number of pure strategies). A similar argument also proves that for a fixed number of players m, the payoffs to all players in any m-tuple of mixed strategies can be ϵ-approximated by the payoffs in some m-tuple of constant support strategies.

We also prove that if the payoff matrices of a two person game have low rank then the game has an exact Nash equilibrium with small support. This implies that if the payoff matrices can be well approximated by low rank matrices, the game has an ϵ-equilibrium with small support. It also implies that if the payoff matrices have constant rank we can compute an exact Nash equilibrium in polynomial time.

Categories and Subject Descriptors

F.2.2 [Analysis of Algorithms and Problem Complexity]: Nonnumerical Algorithms and Problems

General Terms

Algorithms, Economics, Theory

∗Research supported by NSF grant CCR-0002299.

Permission to make digital or hard copies of all or part of this work for personal or classroom use is granted without fee provided that copies are not made or distributed for profit or commercial advantage and that copies bear this notice and the full citation on the first page. To copy otherwise, to republish, to post on servers or to redistribute to lists, requires prior specific permission and/or a fee.

EC’03 June 9–12, 2003, San Diego, California, USA. Copyright 2003 ACM 1-58113-679-X/03/0006 ...$5.00.

Keywords

Nash Equilibrium, Probabilistic Method

1. INTRODUCTION

Non-cooperative game theory has been extensively used to analyze situations of strategic interactions. Recently, it has been pointed out [24, 14, 27] that many internet related problems can be studied within the framework of this theory. The most important solution concept in non-cooperative games is the notion of Nash equilibrium.

In this paper we consider the following two issues concerning Nash equilibria:

First, it is currently not known if Nash equilibria can be computed efficiently. For two player games the known algorithms [11, 12, 13, 15, 16, 17, 20] either have exponential worst-case running time (in the number of available pure strategies) or it is unknown whether they run in polynomial time. For three player games, the problem seems to be even more difficult. While for two player games it can be formalized as a Linear Complementarity Problem (and hence some of the algorithms above) the problem for three player games is a Non-linear Complementarity Problem. Furthermore there exist examples of small three player games with rational payoff matrices in which all Nash equilibria are irrational. Algorithms for approximating equilibria in multiple player games (among others, [26, 33]) are also believed to be exponential. The problem of computing Nash equilibria has been of considerable interest in the computer science community and has been called one of the central open problems in computational complexity (Papadimitriou [24]). In fact it is known that the problem for two-person games lies in some class between P and NP [23]. It is also known that determining the existence of a Nash equlibrium with some additional natural properties (e.g. maximizing payoff sum, maximizing support) is NP-hard [5, 2]. For surveys on computational issues of Nash equilibria see [32, 21].

A second and related issue is the need to play simple strategies. Even if Nash strategies can be computed efficiently, they may be too complicated to implement. This has been pointed out, among others, by Simon [30] and later by Rubinstein [28] in the context of bounded rationality. Players tend to prefer strategies as simple as possible. They might prefer to play a sub-optimal strategy (with respect to rationality) instead of following a complex plan of action which might be difficult to learn or to implement. In this paper we consider normal form games and our notion of simple strategies is strategies which are uniform on a small support set. The importance of small support strategies becomes clear if we consider the pure strategies to be resources. In this case an equilibrium is almost impractical if a player has to use a mixed strategy which randomizes over a large set of pure strategies. The problem with the requirement of small strategies, of course, is that there exist games whose Nash equilibria are completely mixed (i.e., a player has to randomize over all his available pure strategies).

We address both these problems (namely, the need for efficient algorithms and the need for simple strategies), by using the weaker concept of ϵ-equilibrium (strategies from which each player has only an ϵ incentive to defect). More precisely:

Our main result (Section 3) is that for any two-person game there exists an ϵ-equilibrium with only logarithmic support (in the number of available pure strategies). Moreover the strategy of each player in such an equilibrium is uniform on a small multiset and can be expressed in polylogarithmically many bits. In our opinion, this is an interesting observation on the structure of competitive behavior in various scenarios - namely, extremely simple approximate solutions exist. This result directly yields a quasi-polynomial (n^{O(ln n)}, where n is the number of available pure strategies) algorithm for computing such an approximate equilibrium. To our knowledge this is the first subexponential algorithm for ϵ-equilibria. In addition to being small, our approximate equilibria provide both players with a good payoff too: the payoff that each player gets using these strategies is almost the same as that in some exact Nash equilibrium. Finally, our result holds not only for two person games but also for games in which the number of players is independent of the number of pure strategies. It is interesting to note that although the problem of finding exact equilibria seems to become more difficult in the “transition” from two player games to three and more, this is not the case for approximate equilibria. Computing ϵ-equilibria is important since they behave almost as well as exact Nash equilibria in several scenarios. In Section 3.2 we provide an interesting example based on the recent work by Vetta [31].

A second result (Section 3) is that if the players are allowed to communicate and “sign treaties” then there are constant support strategies which approximate the payoffs that each player gets in an equilibrium (in fact there are constant support strategies that approximate the payoffs of any pair of strategies). In real life, such treaties are not unknown (though often tacit) - this result can be considered as an explanation of why certain small strategies behave well and are used in real games, as opposed to a large and complicated Nash equilibrium.

A third question we investigate is: “when does a game have small support exact Nash equilibria?” In Section 4 we give a sufficient condition for two person games: if the payoff matrices of the players have low rank then there exists a Nash equilibrium with small support. Our original proof of this Theorem was a generalization of a result due to Raghavan ([25]) which deals with completely mixed equilibria. The generalization was based on a careful Gaussian elimination type step. However, we suspect that this Theorem should not be unknown to the Game Theory community as we have recently found simple proofs. We would still like to bring the Theorem to the attention of the broader CS and Economics community as it has some interesting corollaries regarding the computation of Nash equilibria. We prove that if the matrices can be well approximated by low rank matrices, then there exists an approximate equilibrium with small support. It also follows that if the payoff matrices have constant rank, we can compute an exact Nash equilibrium in polynomial time.

The problem of looking for small support equilibria has been studied earlier. Koller and Megiddo [11] prove that for two person games in extensive form there exist equilibrium strategies whose support is at most the number of leaves of the game tree. However, not all games can be represented in the extensive form with a small number of leaves (where by small we mean logarithmic in the number of pure strategies). Our result guarantees the existence of equilibria with logarithmic support for any two person normal form game (and also for multiple players as stated above) but the equilibria are only approximate.

It should be noted that since Nash equilibria are fixed points of a certain map [22], ϵ-equilibria can be found using Scarf’s algorithm [29], a general algorithm for finding approximate fixed points of continuous mappings. However, no sub-exponential upper bounds are known for approximating equilibria using this algorithm. In fact, Scarf’s algorithm is known to take exponential time in the worst case for a general fixed point approximation ([6]). Polymomial time algorithms for exact or approximate equilibria but only for special classes of games have also been obtained in [10, 19, 9]. For the class of two-person zero-sum games, results for approximate minmax strategies have been proved independently by Lipton and Young [18] and Althöfer [1]. In fact the proofs of Section 3 use the same technique (sampling). While [1] gives no details, the author claims that a similar result holds for non-zero sum two person games. The implication from approximate minmax strategies to ϵ-Nash equilibria which also approximate the payoffs in some exact Nash equilibrium does not seem to be direct. Furthermore our result holds for multiple player games too and not only for bimatrix games, which is interesting because multiple player games seem to be more difficult.

The rest of the paper is structured as follows: In Section 2 we give the relevant definitions. In Section 3 we prove our main result. In Section 4 we prove that low rank payoff matrices imply the existence of equilibria with small support.

2. NOTATION AND DEFINITIONS

Consider a two person game G, where for simplicity the number of available (pure) strategies for each player is n. We will refer to the two players as the row and the column player and we will denote their payoff matrices by R, C respectively. The results of Section 3 are also generalized for multiple person games in which the players do not have the same number of pure strategies.

A mixed strategy (or a randomized strategy) for a player is a probability distribution over the set of his pure strategies and will be represented by a vector x = (x1, x2, ..., xn), where xi ≥ 0 and ∑ xi = 1. Here xi is the probability that the player will choose his ith pure strategy. If xi > 0 we say that the mixed strategy x uses the ith pure strategy. The support of x (Supp(x)) is the set of pure strategies that it uses. A mixed strategy is called k-uniform if it is the uniform distribution on a multiset S of pure strategies, with |S| = k. For a mixed strategy pair x, y, the payoff to the row player is the expected value of a random variable which is equal to Rij with probability xiyj . Therefore the payoff to the row player is (x, Ry), where (. , .) denotes the inner product of two n-dimensional vectors. Similarly the payoff to the column player is (x, Cy).

The notion of a Nash equilibrium [22] is formulated as follows:

Definition 1. A pair of strategies x^∗, y^∗ is a Nash equilibrium point if:

(i) For every (mixed) strategy x̄ of the row player, (x̄, Ry^∗) ≤ (x^∗, Ry^∗), and

(ii) For every (mixed) strategy ȳ of the column player, (x^∗, Cȳ) ≤ (x^∗, Cy^∗)

Similarly we can define ϵ-equilibria (this definition is well known in the literature):

Definition 2. For any ϵ > 0 a pair of mixed strategies x^′, y^′ is called an ϵ-Nash equilibrium point if:

(i) For every (mixed) strategy x̄ of the row player, (x̄, Ry^′) ≤ (x^′, Ry^′) + ϵ and

(ii) For every (mixed) strategy ȳ of the column player, (x^′, Cȳ) ≤ (x^′, Cy^′) + ϵ

3. THE MAIN RESULT

For the present we assume that all entries of R and C are between 0 and 1. Our main result is:

Theorem 1. For any Nash equilibrium x^∗, y^∗ and for any ϵ > 0, there exists, for every k ≥^{12 ln n}_{ϵ2} , a pair of k-uniform strategies x^′, y^′, such that:

1. x^′, y^′ is an ϵ-equilibrium,

2. |(x^′, Ry^′) − (x^∗, Ry^∗)| < ϵ, (row player gets almost the same payoff as in the Nash equilibrium)

3. |(x^′, Cy^′) − (x^∗, Cy^∗)| < ϵ, (column player gets almost the same payoff as in the Nash equilibrium)

Proof. The proof is based on the probabilistic method. For the given ϵ > 0, fix k ≥ 12 ln n/ϵ^2 . Form a multiset A by sampling k times from the set of pure strategies of the row player, independently at random according to the distribution x^∗. Similarly form a multiset B by sampling k times from the pure strategies of the column player, independently at random according to the distribution y^∗.

Let x^′ be the mixed strategy for the row player which assigns probability 1/k to each member of A and 0 to other pure strategies. Let y^′ be the mixed strategy for the column player which assigns probability 1/k to each member of B and 0 to other pure strategies. Clearly, if a pure strategy occurs α times in the multiset, then it is assigned probability α/k.

Denote by x^i the ith pure strategy of the row player, and by y^j the jth pure strategy of the column player. In order to analyze the probability that x^′, y^′ is an ϵ-Nash equilibrium it suffices to consider only deviations to pure strategies.

We define the following events:

ϕ1 = {| (x^′, Ry^′) − (x^∗, Ry^∗) |< ϵ/2}

π1,i = {(x^i, Ry^′) < (x^′, Ry^′) + ϵ}, (i = 1, ..., n) ϕ2 = {| (x^′, Cy^′) − (x^∗, Cy^∗) |< ϵ/2}

π2,j = {(x^′, Cy^j ) < (x^′, Cy^′) + ϵ}, (j = 1, ..., n)

GOOD = ϕ1 ∩ ϕ2 n⋂ i=1 π1,i n⋂ j=1 π2,j

We wish to show that P r[GOOD] > 0. This would mean that there exists a choice of A and B such that the corresponding strategies x^′ and y^′ satisfy all three conditions in the statement of the theorem.

In order to bound the probabilities of the events ϕ^c_1 and ϕ^c_2 we introduce the following events:

ϕ1a = {| (x^′, Ry^∗) − (x^∗, Ry^∗) |< ϵ/4} ϕ_{1b} = {| (x^′, Ry^′) − (x^′, Ry^∗) |< ϵ/4} ϕ2a = {| (x^∗, Cy^′) − (x^∗, Cy^∗) |< ϵ/4} ϕ_{2b} = {| (x^′, Cy^′) − (x^∗, Cy^′) |< ϵ/4}

Note that ϕ1a ∩ ϕ_{1b} ⊆ ϕ1. The expression (x^′, Ry^∗) is essentially a sum of k independent random variables each of expected value (x^∗, Ry^∗). Each such random variable takes value between 0 and 1. Therefore we can apply a standard tail inequality [7] and get:

P r[ϕ^c_{1a}] ≤ 2e^{−kϵ2/8}

Using a similar argument we have:

P r[ϕ^c_{1b}] ≤ 2e^{−kϵ2 /8}

Therefore P r[ϕ^c_1] ≤ 4e^{−kϵ2 /8} and the same holds for the event ϕ^c_2.

In order to bound the probabilities of the events π1,i’s and π2,j ’s we define the following auxilliary events:

ψ1,i = {(x^i, Ry^′) < (x^i, Ry^∗) + ϵ/2}, (i = 1, ..., n)

ψ2,j = {(x^′, Ry^j ) < (x^∗, Ry^j ) + ϵ/2}, (j = 1, ..., n)

We can easily see that

ψ1,i ∩ ϕ1 ⊆ π1,i, (i = 1, ..., n)

ψ2,j ∩ ϕ2 ⊆ π2,j , (j = 1, ..., n)

Using the Hoeffding bound again we get:

P r[ψ^c_{1,i}] ≤ e^{−kϵ2/2}

P r[ψ^c_{2,j} ] ≤ e^{−kϵ2/2}

Now by combining the above equations we see that:

P r[GOOD^c ] ≤ P r[ϕ^c_1] + P r[ϕ^c_2] + n∑ i=1 P r[π^c_{1,i}] + n∑ j=1 P r[π^c_{2,j} ]

≤ 8e^{−kϵ2/8} + 2n[e^{−kϵ2 /2} + 4e^{−kϵ2/8}] < 1

Thus P r[GOOD] > 0.

Note that not only do the strategies x^′, y^′ form an ϵequilibrium, but they also provide both players a payoff ϵ-close to the payoffs they would get in some Nash equilibrium. In fact, the payoffs of every Nash equilibrium can be thus approximated by a small strategy ϵ-equilibrium. This provides another incentive for the players to remain in the ϵ-Nash equilibrium. Furthermore x^′, y^′ are k-uniform, which implies the following corollary:

Corollary 1. For a 2-person game, there exists a quasipolynomial algorithm for computing all k-uniform ϵ-equilibria (by Theorem 1 at least one such equilibrium exists).

Proof. Given an ϵ > 0, fix k =^{12 ln n}_{ϵ2} . By an exhaustive search, we can compute all k-uniform ϵ-equilibria (by Theorem 1 at least one such equilibrium exists; verifying ϵequilibrium condition is easy as we need to check only for deviations to pure strategies). The running time of the algorithm is quasi-polynomial since there are

(_{n+k−1} k )_2 possible pairs of multisets to look at.

To our knowledge this is the first subexponential algorithm for finding an approximate equilibrium. Furthermore, given the payoffs of any Nash equilibrium the algorithm can find an ϵ-Nash equilibrium in which both players receive payoffs ϵ-close to the given values.

When the entries of R and C are not between 0 and 1 the ϵ incentive to defect and the ϵ change in payoff both get magnified by Rmax − Rmin for the row player and by Cmax − Cmin for the column player. Here Rmax and Rmin denote the maximum and minimum entry of R, and similarly for C. Additionally if the players do not have the same number of pure strategies (say n1, n2) then the same result holds with k ≥^{12 ln max{n1,n2 }}_{ϵ2} .

Our results can also be generalized to games with more than two players. In particular for an m-person game:

Theorem 2. Let s^∗_1 , ..., s^∗_m be a Nash equilibrium in an m-person game. Let p^∗_1 , ..., p^∗_m be the payoffs to the players in the Nash equilibrium. Then for any ϵ > 0, there exists, for every k ≥^{3m2 ln m2 n}_{ϵ2} , a set of k-uniform strategies s^′_1, s^′_2, ..., s^′_m, such that:

1. s^′_1, s^′_2, ..., s^′_m is an ϵ-equilibrium,

2. |p^′_i − p^∗_i | < ϵ for i = 1, ..., m

where p^′_1, ..., p^′_m are the payoffs to the players if they play strategies s^′_i.

As we see from Theorem 2 we can guarantee an ϵ-equilibrium with logarithmic support only when m is independent of n. It seems to us that the technique of sampling cannot help us prove a more general theorem than that. It is an interesting question to see whether this can be done using a different technique. However, it is still interesting that we can prove the existence of simple approximate equilibria even for three player games. This is so because the problem of finding exact equilibria for three player games seems to be much more difficult than for two player games due to irrational equilibria and non-linearity of the Complementarity Problem.

Corollary 1 also generalizes to games with a constant number of players since in this case the number of combinations of multisets that the algorithm has to look at is still quasipolynomial . Again it would be interesting if a more general result could be proved.

3.1 Approximating Payoffs of Nash equilibria with Constant Support

In terms of the size of the support we can do much better, if we have weaker requirements. There may be applications in which we would not even insist on an approximate equilibrium. All we would care for is to approximate the payoffs in an actual Nash equilibrium. The next result is in that direction:

Theorem 3. For any Nash equilibrium x^∗, y^∗ and any ϵ > 0, there exists, for every k ≥ 5/ϵ^2 , a pair of k-uniform strategies (x, y), such that

1. |(x, Ry) − (x^∗, Ry^∗)| < ϵ (row player gets almost the same payoff), and

2. |(x, Cy) − (x^∗, Cy^∗)| < ϵ (column player gets almost the same payoff),

Again this result can be generalized to multiple player games. For an m-person game the support of the k-uniform strategies will be O(m^2 ln m).

Theorem 3 establishes the existence of constant support strategies which approximate the payoffs that both players get in a Nash equilibrium. The techniques used to prove this are the same as those used to prove Theorem 1, and the proof is omitted. Again, we assume that the entries of R and C are between 0 and 1 (in the general case we get a magnification by Rmax − Rmin and Cmax − Cmin as before). Note that Theorem 3 is true for any pair of strategies x^∗, y^∗, not necessarily for Nash equilibria.

A situation in which this result could be applicable is the following: Consider a game between two players both having a very large number of pure strategies at their disposal. Let v1, v2 be the payoffs in a Nash equilibrium to the row and column player respectively. If the support of the equilibrium strategies is very big, then it would be preferable for both players to sign a “bilateral treaty” and use only a small number of strategies, as provided by the result. In that case, both players would still receive a payoff close to v1 and v2 respectively, while using a small number of strategies. Furthermore, each player will be able to check, during the game, if the other player has violated the treaty, in which case he can switch to any other strategy.

3.2 An Interesting Application

The fact that we can compute ϵ-equilibria in quasi polynomial time is very important, as they are “almost as good as” exact equilibria in several scenarios. Thus the difficulty in computing exact equilibria can be conveniently sidestepped. As an example we note the recent result of Vetta [31] on the social performance of Nash equilibria. This line of research was initiated by Koutsoupias and Papadimitriou [14]. The setting is a multi-player game together with a social utility function. In this scenario we would like to know how suboptimal a Nash equilibrium can be in terms of maximizing the social utility function. Results of this flavor for traffic routing problems were given in [3, 14, 27]. Vetta [31] proves that in any valid utility system with a non-decreasing and submodular social utility function, any Nash equilibrium yields at least half of the social optimum.

In this context the fact that we can compute ϵ-equilibria in quasi-polynomial time can be useful. In particular a simple generalization of the proof of Theorem 3.4 in [31] to ϵ-Nash equilibria together with our Corollary 1 gives the following result (for details and definitions see [31]):

Corollary 2. Consider a valid utility system with a nondecreasing submodular utility function. Let OP T be the maximum value of the utility function. Then, we can compute in time quasi-polynomial in the number of pure strategies, a set of mixed strategies which form an ϵ-Nash equilibrium and which provide a social payoff P , s.t P ≥ 1/2OP T − mϵ, where m is the number of players.

4. LOW RANK IMPLIES SMALL SUPPORT EXACT EQUILIBRIA

In this section we investigate the question: when does a two person game have small support exact Nash equilibria? We show that if the payoff matrices have low rank then the game has a small support Nash equilibrium. Furthermore we show that if the payoff matrices can be approximated by low rank matrices then the game has a small support approximate equilibrium (where the approximation factor depends on how well the matrices can be approximated).

Denote again by R, C the payoff matrices for the row and column player respectively. Suppose that R and C are m×n matrices.

Theorem 4. Let x^∗, y^∗ be a Nash equilibrium. If rank(C) ≤ k, then there exists a mixed strategy x for the row player with |Supp(x)| ≤ k + 1 such that x, y^∗ is an equilibrium point. Similarly, if rank(R) ≤ k, then there exists a mixed strategy y for the column player with |Supp(y)| ≤ k+1 such that x^∗, y is an equilibrium point. Furthermore the payoff that both players receive in the equilibria x, y^∗ and x^∗, y is equal to the payoff in the initial equilibrium x^∗, y^∗.

Our original proof of this Theorem was a generalization of a result due to Raghavan ([25]) which deals with “completely mixed equilibria”, i.e. equilibria which use all the pure strategies. The generalization was based on a careful Gaussian elimination type step. However, we suspect that this Theorem should not be unknown to the Game Theory community as we recently realized that a simple proof follows from the polyhedral structure of the problem and the polyhedral structure of the set of Nash equilibria (see [32, 8]). We would still like to bring the theorem to the attention of the broader CS and Economics community as it has some interesting corollaries regarding the computation of Nash equilibria. We present below another simple proof suggested to us by N. Vishnoi and N. Devanur ([4]):

Let S be the k-dimensional space spanned by the columns of R. Since Ry^∗ is a convex combination of the columns of R, it can be written as a convex combination of at most k+1 columns of R (by Caratheodory’s Theorem). Let this new convex combination be Ry. Note that Supp(y) ⊆ Supp(y^∗). This implies that y is a best response to x^∗. Since Ry^∗ = Ry, x^∗ is also a best reponse to y. Hence x^∗, y is a Nash equilibrium. Since Ry^∗ = Ry the first player receives the same value in x^∗, y as in x^∗, y^∗. The second player will also receive the same value as in the initial equilibrium because Supp(y) ⊆ Supp(y^∗).

Definition 3. For n × n matrices C, D, D is an ϵ-approximation of C if C = D + E, where |Eij | ≤ ϵ for i, j = 1, ..., n.

Lemma 1. Let D be an ϵ-approximation of C. Let x^∗, y^∗ be a Nash equilibrium for the game with payoff matrices R, D. Then x^∗, y^∗ is a 2ϵ-Nash equilibrium for the game with payoff matrices R, C.

Proof. Clearly (x^∗, Ry^∗) ≥ (x̄, Ry^∗), ∀ x̄. For any strategy ȳ:

(x^∗, Cy^∗) = (x^∗, Dy^∗) + (x^∗, Ey^∗) ≥ (x^∗, Dȳ) + (x^∗, Ey^∗)

Since |Eij | ≤ ϵ, ∀ i, j,

(x^∗, Eȳ) − (x^∗, Ey^∗) ≤ 2ϵ

Hence,

(x^∗, Cy^∗) ≥ (x^∗, Dȳ) + (x^∗, Eȳ) − 2ϵ = (x^∗, Cȳ) − 2ϵ

Corollary 3. For any game R, C, and for any k < n, if C can be ϵ-approximated by a rank k matrix then there exists a 2ϵ-equilibrium x, y with |Supp(x)| ≤ k + 1. Similarly for R. In particular, we can use the Singular Value Decomposition to approximate the payoff matrices R, C by rank k matrices for any k. The approximation factor ϵ of Corollary 3 is then a function of the singular values of the matrices.

A useful corollary arises from the observation that for 2- person games, if we know the support of a Nash equilibrium, then we can compute the exact equilibrium strategies in polynomial time. This is because an equilibrium strategy y for the column player equalizes the payoff that the row player gets for every pure strategy in his support and vice versa. Hence we can write a linear program and compute the Nash equilibrium with the given support. The following is a direct consequence of this observation and Theorem 4.

Corollary 4. If the payoff matrices R, C have constant rank, then we can compute an exact Nash equilibrium in polynomial time. In particular if one of the players has a constant number of pure strategies, we can compute a Nash equilibrium in polynomial time.

5. DISCUSSION

Another attempt to prove the results of Section 3 would be to approximate the vectors of a Nash equilibrium by vectors of small support. It is not difficult to see that we can approximate any probability distribution vector by a vector of logarithmic support in the l∞ norm with error at most 1/ log n. However, approximating an equilibrium x^∗, y^∗ in this manner does not imply that the approximating vectors will form an ϵ-equilibrium, for any given fixed ϵ. On the other hand it can be shown that an ϵ-approximation in the l1 norm does yield an ϵ-equilibrium, but such an approximation is not always possible (e.g. if the Nash strategies are the uniform distributions).

An interesting open question is whether we can generalize the results of Section 3 to games where the number of players is an increasing function of n. Another question would be to generalize the result so that the incentive to defect won’t depend on the range of the payoff matrices (which can be much higher than the expected payoff in any equilibrium).

6. ACKNOWLEDGMENTS

We would like to thank George Karakostas, Dana Randall and Vijay Vazirani for valuable discussions, and Milena Mihail and Craig Tovey for useful pointers. We would also like to thank Nisheeth Vishnoi and Nikhil Devanur for helping us simplify the proof of Theorem 4 .

7. REFERENCES

[1] I. Althöfer. On sparse approximations to randomized strategies and convex combinations. Linear Algebra and Applications, 199:339–355, 1994.

[2] V. Conitzer and T. Sandholm. Complexity results about nash equilibria. In International Joint Conference on Artificial Intelligence, 2003.

[3] A. Czumaj and B. Voecking. Tight bounds for worst-case equilibria. In Annual ACM-SIAM Symposium on Discrete Algorithms, pages 413–420, 2002.

[4] N. Devanur and N. Vishnoi. Private communication, 2003.

[5] I. Gilboa and E. Zemel. Nash and correlated equilibria: Some complexity considerations. Games and Economic Behavior, 15(5):745–770, 1989.

[6] M. D. Hirsch, C. H. Papadimitriou, and S. A. Vavasis.

Exponential lower bounds for finding brouwer fixed points. Journal of Complexity, 5:379–416, 1989.

[7] W. Hoeffding. Probability inequalities for sums of bounded random variables. American Statistical Journal, pages 13–30, March 1963.

[8] A. P. Jurg. Some topics in the theory of bimatrix games. www.ub.rug.nl/eldoc/dis/non-rug/a.p.jurg/.

[9] M. J. Kearns, M. L. Littman, and S. P. Singh.

Graphical models for game theory. In UAI, pages 253–260, 2001.

[10] M. J. Kearns and Y. Mansour. Efficient nash computation in large population games with bounded influence. In UAI, 2002.

[11] D. Koller and N. Megiddo. Finding mixed strategies with small support in extensive form games. International Journal of Game Theory, 25:73–92, 1996.

[12] D. Koller, N. Megiddo, and B. von Stengel. Fast algorithms for finding randomized strategies in game trees. In Annual ACM Symposium on the Theory of Computing, pages 750–759, 1994.

[13] D. Koller, N. Megiddo, and B. von Stengel. Efficient computation of equilibria for extensive two-person games. Games and Economic Behavior, 14(2):247–259, 1996.

[14] E. Koutsoupias and C. H. Papadimitriou. Worst case equilibria. In Annual IEEE Symposium on Theoretical Aspects of Computer Science, pages 404–413, 1999.

[15] H. W. Kuhn. An algorithm for equilibrium points in bimatrix games. In Proceedings of the National Academy of Sciences, pages 1657–1662, 1961.

[16] C. E. Lemke. Bimatrix equilibrium points and mathematical programming. Management Science, 11:681–689, 1965.

[17] C. E. Lemke and J. T. Howson. Equilibrium points of bimatrix games. Journal of the Society for Industrial and Applied Mathematics, 12:413–423, 1964.

[18] R. J. Lipton and N. Young. Simple strategies for zero-sum games with applications to complexity theory. In 26th ACM Symposium on the Theory of Computing, pages 734–740, 1994.

[19] M. L. Littman, M. J. Kearns, and S. P. Singh. An efficient, exact algorithm for solving tree-structured graphical games. In NIPS, pages 817–823, 2001.

[20] O. L. Mangasarian. Equilibrium points of bimatrix games. Journal of the Society for Industrial and Applied Mathematics, 12(4):778–780, 1964.

[21] R. McKelvey and A. McLennan. Computation of equilibria in finite games. Amman, H., Kendrick, D., Rust, J. eds, Handbook of Computational Economics, 1, 1996.

[22] J. F. Nash. Non-cooperative games. Annals of Mathematics, 54:286–295, 1951.

[23] C. H. Papadimitriou. On the complexity of the parity argument and other inefficient proofs of existence. Journal of Computer and System Sciences, 48(3), 1994.

[24] C. H. Papadimitriou. Algorithms, games, and the internet. In Annual ACM Symposium on the Theory of Computing, pages 749–753, 2001.

[25] T. E. S. Raghavan. Completely mixed strategies in bimatrix games. Journal of London Math Society, 2(2):709–712, 1970.

[26] J. Rosenmuller. On a generalization of the

lemke-howson algorithm to non-cooperative games. SIAM Journal of Applied Mathematics, 21:73–79, 1971.

[27] T. Roughgarden and E. Tardos. How bad is selfish routing. In Annual IEEE Symposium on Foundations of Computer Science, pages 93–102, 2000.

[28] A. Rubinstein. Modeling Bounded Rationality. MIT Press, Cambridge, Massachusetts, 1998.

[29] H. Scarf. The approximation of fixed points of a continuous mapping. SIAM Journal of Applied Mathematics, 15:1328–1343, 1967.

[30] H. Simon. Models of Bounded Rationality, Volume 2.

MIT Press, Cambridge, Massachusetts, 1982. [31] A. Vetta. Nash equilibria in competitive societies with applications to facility location, traffic routing and auctions. In Annual IEEE Symposium on Foundations of Computer Science, pages 416–425, 2002.

[32] B. von Stengel. Computing equilibria for two-person games. Aumann, R. and Hart, S. eds, Handbook of Game Theory, 3, 2002.

[33] I. Wilson. Computing equilibria of n-person games.

SIAM Journal of Applied Mathematics, 21:80–87, 1971.